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Abstract
This article introduces an extended data set of 760 terrorist groups that engaged in
attacks during 1970 to 2016. Unlike most extant group data sets, the extended data
on terrorist groups (EDTG) is not tied to terrorist groups and attacks listed in the
RAND terrorism data; rather, EDTG is linked to terrorist groups and attacks given
in the Global Terrorism Database. Terrorist groups’ variables in EDTG include
ideology, main goals, start date, duration, base country, attack diversity, peak size,
alternative endings (if relevant), and others. We display interesting features of EDTG
through a series of tables and figures. Our EDTG-based survival analysis is at odds
with some of the literature: for example, the demise of a leader and a larger share of
transnational terrorist attacks increase the group’s odds of failure. After 2001,
religious terrorist groups are more resilient than those with other ideologies. We
also analyze terrorist group lethality and productivity.
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Why is extended data on terrorist groups (EDTG) so essential? To understand

terrorism and its drivers, researchers must investigate terrorist groups’ characteris-

tics and actions that create casualties, achieve demands, determine base location, and

affect their longevity. Knowledge of those things can foster more effective counter-

terrorism measures to limit terrorist groups’ carnage, political consequences, and

economic ramifications. If measures can be devised to disrupt sufficiently the oper-

ation of terrorist groups, then those countermeasures can limit the associated terror-

ist campaigns. Terrorist groups solicit support from the base country population,

other terrorist groups, and state sponsors so that the impact of such support on

groups’ viability must be ascertained. To assess properly terrorist groups’ actions

and prowess, research must have an up-to-date data set on terrorist groups which

contains their start date, duration, goals, ideology, location, size, lethality, strategic

decisions, leadership structure, and other characteristics. That data set must be

bolstered by observations from other data sources, such as the World Bank’s

(2018) World Development Indicators (WDI), to include economic and demo-

graphic variables from the terrorist groups’ base countries.

Terrorist groups may last for one or a few attacks, or they may exist for over fifty

years (Blomberg, Engel, and Sawyer 2010; Phillips 2017). What affects terrorist

groups’ survival? That survival may hinge on strategic considerations of the terrorist

groups, countermeasures of governments, sponsorship from a government, or sup-

port from allied terrorist groups. The pioneering article on the determinants of

terrorist group longevity is by Blomberg, Engel, and Sawyer (2010) who apply a

survival or time-to-failure model. Subsequent studies on terrorist groups’ survival

include Blomberg, Gaibulloev, and Sandler (2011), Carter (2012), Gaibulloev and

Sandler (2013, 2014), Phillips (2014, 2017), and others. In three earlier landmark

contributions, Cronin (2006, 2009) and Jones and Libicki (2008) discuss factors

behind terrorist group demise but do not employ survival models. Those three

studies emphasize the importance of groups’ size, their ideology, and alternative

endings (e.g., having demands met, being annihilated, joining the political system, or

splintering). Cronin (2006, 2009) makes clear that the death or capture of a terrorist

group’s leader, even a charismatic one, need not end the group, as the assassination

of Osama bin Laden in May 2011 later demonstrated (also see Jordan 2009). Other

studies on terrorist groups investigate the determinants of their lethality (Asal and

Rethemeyer 2008; Horowitz and Potter 2014), the diffusion of innovations (Horo-

witz 2010), the factors behind location decisions (Gaibulloev 2015), or the impact of

state sponsorship (Carter 2012).

With the collection of terrorist event data sets, information was accumulated on

terrorist groups that were thought responsible for terrorist attacks after 1967. The

three most important event data sets—International Terrorism: Attributes of Ter-

rorist Events (ITERATE; Mickolus et al. 2018), Global Terrorism Database (GTD;

National Consortium for the Study of Terrorism and Response to Terrorism

[START] 2018), and RAND Database of Worldwide Terrorism Incidents (RAND

2012)—provide key variables that can be linked to terrorist groups over time. Those
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variables include the number of attacks, the diversity of attacks, the number of

casualties, the country of attack, the use of hostage taking, the success or failure

of attacks, and many others. As discussed later, each of the three event data sets has

its pros and cons when used in conjunction with terrorist groups’ characteristics.

Because groups’ names vary among terrorist event data sets, researchers must exer-

cise care to link terrorist group data to a given event set.

The purposes of this article are as follows: first, and foremost, we introduce the

EDTG that extends the GTD-based data of Blomberg, Gaibulloev, and Sandler

(2011) from 367 to 760 terrorist groups that operated during 1970 to 2016. In so

doing, we explain our collection procedures and indicate data sources. EDTG is

tied to GTD, thus allowing for coverage of domestic and transnational terrorist

incidents throughout the period. Unlike RAND (2012) event data, GTD is updated

yearly so that EDTG can be subsequently updated. Second, we illustrate myriad

ways that EDTG can be employed advantageously. For example, EDTG can also

be used to display the relative distributions of terrorist groups’ ideologies during

the so-called third and fourth waves of terrorism, known as the leftist and religious

fundamentalist waves, respectively (Rapoport 2004). Third, we exploit EDTG to

show interesting patterns for the distribution of terrorist groups during various time

intervals. We are interested particularly in how the four basic ideologies (i.e.,

leftist, nationalist/separatist, religious fundamentalist, and right wing) of terrorist

groups influence their births, regional location, attack characteristics, lethality, and

other aspects. Fourth, we employ EDTG to take a fresh look at group longevity

using survival methods for various time intervals. The new survival analysis offers

some novel findings. For example, the death or arrest of its leader increases the

terrorist group’s odds of failure, contrary to the literature. Unlike Gaibulloev and

Sandler (2013), casualties per attack and the number of home bases do not affect

the terrorist groups’ longevity. After 2001, religious terrorist groups fare better

than other ideologies in terms of survival. Our empirics also show that a larger

portion of transnational terrorist attacks shortens the group’s life span. Finally, we

use EDTG in a second empirical application of the determinants of groups’ leth-

ality and attack counts.

Background

A terrorist group is a subnational collective whose members try to obtain a political

goal by intimidating an audience (or constituency) through violence or its threat

(Gaibulloev and Sandler 2019; Phillips 2015). Group size may vary from a mere

handful of members (e.g., Animal Liberation Front) to many thousands (e.g., Aum

Shinrikyo). Terrorist groups employ a variety of modes of attack that include

kidnappings, skyjackings, bombings, assassinations, and armed attacks. Not only

can terrorist groups’ ideologies differ but also their primary goals can vary. Key

goals include policy change, territorial change, status quo (i.e., maintaining an

existing political state), empire, regime change, or social revolution. The last three
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goals require a major upheaval of the existing political situation and are difficult

to achieve.

The distinction between domestic and transnational terrorism figures prominently

in the construction of EDTG. Domestic terrorism involves perpetrators and victims

who are nationals from the venue country, where the attack takes place. In contrast,

transnational terrorism concerns two or more nations through the perpetrators, the

victims, or the host country of the attack. If, say, an Italian terrorist assassinates a

French citizen in Lyon for a political purpose, then the incident is a transnational

terrorist attack (Enders, Sandler, and Gaibulloev 2011). If an international border is

crossed before or after an attack, then the incident is a transnational terrorist attack.

Our distinction abides by that used by GTD. Most terrorist groups engage in both

domestic and transnational terrorist events (Gaibulloev and Sandler 2013, 2014). In

fact, domestic terrorist attacks far outnumber transnational terrorist attacks (Gaibul-

loev and Sandler 2019).

Previous Data Sets of Terrorist Groups

To be useful, a terrorist group data set must be tied to terrorism event data. Most

terrorist group data sets and previous terrorist organization analyses are linked to

RAND (2012) event data so that terrorist groups’ names and attack data are those

given in RAND. Such RAND-based group data and studies include, among others,

Asal and Rethemeyer (2008), Carter (2012), Cronin (2006, 2009), Gaibulloev and

Sandler (2013, 2014), Horowitz (2010), Horowitz and Potter (2014), Jones and

Libicki (2008), Phillips (2014, 2017), and Vittori (2009). Some of those articles’

group data sets record groups’ peak size, groups’ ideology, base location, groups’

start date, groups’ duration, allied groups, organizational structure, and competitive

groups. RAND-based terrorist group data have a number of drawbacks. First, RAND

data are no longer updated; the last year of coverage was 2007. The lack of recent

coverage represents a significant concern if researchers are to learn about current

terrorist groups and how they behave differently than past groups. Second, domestic

terrorist attacks are recorded in RAND only for 1998 to 2007, which is a fairly short

time period. For 1968 to 1997, RAND data track only transnational terrorist inci-

dents. Because terrorist groups engage in both domestic and transnational terrorist

attacks, coverage of both kinds of incidents is essential for understanding groups’

strategic choices, which may influence their survival. Third, RAND lacks the same

coverage as ITERATE and GTD because RAND focuses on significant terrorist

events (Enders 2007).

ITERATE is the basis for the study of terrorist group survival by Blomberg,

Engel, and Sawyer (2010), whose data identify 1,414 terrorist groups for 1968 to

2007. Given the nature of ITERATE, all of the terrorist attacks are transnational so

that the mix between domestic and transnational terrorist attacks cannot be

addressed or analyzed for the sample terrorist groups. The authors use all terrorist

groups associated with ITERATE-listed incidents. There is no action by the authors
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to clean the data and remove double counting of groups. Not surprising, Blomberg,

Engel, and Sawyer (2010) uncover a large number of “one-hit wonders” that con-

ducted a single terrorist attack. About two-thirds of their sample terrorist groups

survived a year or less. By ignoring domestic terrorist events, ITERATE-based

terrorist group data do not provide a full picture of terrorist groups’ campaigns

because most of the groups’ attacks are not recorded.

To date, there are at least four GTD-based terrorist group studies: Blomberg,

Gaibulloev, and Sandler (2011) for 1970 to 2007, Dugan (2012) for 1970 to 2010,

Miller (2016) for 1970 to 2013, and Young and Dugan (2014) for 1970 to 2010. The

last three studies investigate 2,103, 2,437, and 2,223 groups, respectively. For those

three studies, there are few details given about cleaning the incident data of drug

trafficking, insurgent activities, other nonterrorist actions. Nothing is said about

removing redundant group names, typos, criminal groups, or political parties. By

contrast, Blomberg, Gaibulloev, and Sandler (2011) apply inclusion criteria to limit

GTD incidents to terrorist attacks before identifying GTD-identified responsible

perpetrating groups. The three criteria employed are as follows: (1) the attack is

perpetrated for political, socioeconomic, or religious motives; (2) the attack is

intended to coerce, intimidate, or send a message to a wider audience than the

immediate victim(s); and (3) the attack is beyond the boundaries set by international

humanitarian law (Enders, Sandler, and Gaibulloev 2011; START 2018). Blomberg,

Gaibulloev, and Sandler (2011) also purge all GTD incidents that are defined by the

“Doubt Terrorism Proper” determination in GTD. Once GTD incidents are culled of

nonterrorist attacks, groups claiming responsibility for the remaining attacks are

identified to come up with a list of terrorist groups. GTD—as well as ITERATE

and RAND—does not provide information about group characteristics such as

ideology, goal, base country, and size. Therefore, Blomberg, Gaibulloev, and Sand-

ler (2011) obtained Jones and Libicki’s (2008) terrorist group data, which has rich

group-level information, and linked it to GTD. Blomberg, Gaibulloev, and Sandler

(2011) were able to match 367 terrorist groups for which information on both data

sets are available. These authors attributed a single name to groups with multiple

names, removed criminal and other nonterrorist groups, and fixed other problems,

see EDTG description below.

Why Is a New Data Set Needed for Terrorist Groups?

An extended terrorist group data set is needed that can be updated periodically as

new terrorist groups emerge and existing ones end. The mix of terrorist groups’

ideologies and goals are constantly changing, as are terrorist groups’ geographical

distribution. Changes in terrorist groups’ base countries can also alter these groups’

regional locations. Most researchers still rely on Jones and Libicki’s (2008) char-

acterization of groups’ ideologies and goals, which are now ten years old and

dependent on RAND event data. In past studies, those groups’ characteristics

(e.g., peak size and group rivalry) and other considerations (e.g., base country
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economic variables and regional location) are crucial determinants for understand-

ing group longevity, lethality, influence, and innovation. An updated data set with

panel observations of key and novel variables of terrorist groups can permit past

studies to be revisited and improved.

Description of EDTG

We start with the terrorist groups given in Blomberg, Gaibulloev, and Sandler (2011)

for 1970 to 2007. Those 367 groups are cleaned further and updated until 2016.

Then, using various additional sources, the data are extended to 760 terrorist groups

that operated at times during 1970 to 2016, based on terrorist incidents listed in GTD

(START 2018). Numerous new groups began terrorist operations during 2008 to

2016 and are included in EDTG. Part of the cleaning process requires merging

multiple names for a group into a single entity. For example, Hezbollah, Hizballah,

and Islamic Jihad are alternative names for the same group that is listed as Hezbollah

in EDTG. Variants of groups’ names may stem from translation issues, other

language-based names, or abbreviations. Those merging efforts greatly reduce the

number of terrorist groups. Cleaning group names also requires removing typos,

eliminating aliases, and assigning cells to the parent group. Finally, cleaning

involves eliminating nonterrorist organizations, such as criminal organizations

(e.g., Los Rastrojos), drug trafficking groups (e.g., Juarez Cartel), and political

parties (e.g., Bharatiya Janata Party and All India Anna Dravida Munnetra

Kazhagam Party).

Where possible, each terrorist group in EDTG is assigned a primary ideology—

leftist, nationalist/separatist, religious fundamentalist, and right wing—following

the convention of Jones and Libicki (2008). This assignment relies on a number

of sources (Asal and Rethemeyer 2015; Crenshaw 2018; Jones and Libicki 2008;

South Asia Terrorism Portal [SATP] 2018; Terrorism Research and Analysis Con-

sortium [TRAC] 2018, and other news and Internet pages). Using those same

sources, we match each sample terrorist group with a primary goal—policy change,

status quo, territorial change, and empire, regime change, or social revolution—as

had been done in Jones and Libicki (2008). Based on Crenshaw (2018), Jones and

Libicki (2008), and other sources (see codebook), each terrorist group’s base country

is identified. If a terrorist group possesses more than one base country, then each

base country is noted. Using World Bank’s (2018) regional classifications, we then

match each terrorist group’s base country with a region. When a group’s base

countries are in more than one region, each region is recorded in EDTG.

When there is firm evidence that a group began in a certain year, that year is

recorded by EDTG as the group’s start date. If no such evidence exists, EDTG uses

the year of the group’s first attack in GTD as its start date. When evidence indicates

that a terrorist group ended, that year is recorded as the group’s end point. Without

such evidence, we record the group as ending if it was inactive for five years. That is,

a terrorist group that does not claim responsibility for any attack from, say, 2012 to
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2016 is deemed by EDTG to have concluded operations. The group’s duration is the

number of years since its founding if it is still active. Otherwise, duration refers to

the time span between its founding and ending. EDTG indicates the following

alternative endings for terrorist groups: defeated by military force or police, splin-

tered from within, joined the political process or achieved its goals, merged with

other groups, or concluded operations since 2012. Data sources for alternative end-

ings include Asal and Rethemeyer (2015), Crenshaw (2018), Jones and Libicki

(2008), SATP (2018), and TRAC (2018).

A handful of terrorist groups, listed in Jones and Libicki (2008) or Blomberg,

Gaibulloev, and Sandler (2011) as having ended, are resurrected in EDTG if the

terrorist group resurfaces with newly claimed attacks during 2008 to 2016 in GTD

(2018). We are cautious about resurrecting groups unless there is convincing evi-

dence about the group resuming and claiming attacks. Moreover, we set a threshold

of at least two attacks if the group is resurrected. For example, after a hiatus of over a

decade, Jammu and Kashmir Islamic Front took credit for terrorist attacks after

2013. Another resurrected group is the Kosovo Liberation Army (KLA), which is

listed as ending in 1999 in Jones and Libicki (2008) but KLA claimed attacks in

2014. If over five years have passed since a group’s resurrection, then the group is

treated as a different group with a birth at the time of the first new attack. Our data

then distinguish between the original and the resurrected group—see the codebook.

Another important group variable is group size because larger terrorist groups

are thought to possess better survival prospects and to engage in more lethal

attacks. Like Jones and Libicki (2008), we are particularly interested in the largest

or peak size achieved by the group over its duration. For a subsample of groups,

Asal and Rethemeyer (2015), Crenshaw (2018), and SATP (2018) list varying

group size for selected years. EDTG uses these yearly group size observations

to alter the peak size variable, n, if relevant. The peak size variable is in discrete

units: 1 for 0 < n� 9, 10 for 10� n� 99, 100 for 100� n� 999, 1000 for 1000� n

� 9999, and blank if n is unknown.

EDTG relates terrorist groups to attack and strategic variables, derived from

GTD (2018) and Enders, Sandler, and Gaibulloev (2011). The latter provides a

decomposition of terrorist incidents into domestic, transnational, and ambig-

uous (uncertain) attacks. With the help of GTD (2018), EDTG records various

injuries, deaths, and casualties (i.e., deaths plus injuries) figures associated

with the sample terrorist groups during each of their active years. As an

important source of funding, kidnappings are indicated for sample groups

during each year of operation.

EDTG includes some variables missing from most other group data sets, such as

attack diversity (i.e., one minus the Hirschman–Herfindahl index), share of transna-

tional terrorist attacks, reliance on kidnappings, and fate of leader. From other data

sets, EDTG incorporates important variables on state sponsorship of groups, inter-

face with other terrorist groups (allied or competitive), supply of social services, and

the holding of territory (Asal and Rethemeyer 2008; Heger and Jung 2017; San-Akca
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2009, 2015, 2016; Wilkenfeld, Asal, and Pate 2011). In so doing, we make sure that

the groups’ names agree between EDTG and those other data sets.

Other characteristics of groups are indicated in the codebook, along with their

data sources. In the Online Appendix, Table A1 indicates summary statistics for

EDTG-based variables. In the ensuing text, we display figures and tables that parse

out EDTG group variables in informative ways.

How Can EDTG Be Used?

EDTG can enrich survival analyses of terrorist groups through the inclusion of many

new variables. In addition, the added nine years of coverage permits the inclusion of

many new terrorist groups (e.g., Baloch Liberation Tigers and Mukhtar Army) and

the demise of other groups (e.g., Tamil Tigers). The expanded range of data also

allows for more interesting subperiods such as post-9/11 or post-2006.

The data are sufficiently rich to investigate the changing geographical distribu-

tion of terrorist groups over time. In so doing, the influence of those altering dis-

tributions on group survival rates can be ascertained. Not only has the mix of

ideologies of terrorist groups changed over time but also has the driving goals of

terrorist groups. Both of those changes can influence the prognosis for terrorist group

survival. With the expanded data, researchers possess more panel data observations

to apply competing risks models to ascertain the determinants of alternative ways

that terrorist groups end. Nine more years of data, coupled with the origin of many

new terrorist groups, bolster the precision of competing risks models. The new

observations allow for more controls, which are recorded in EDTG. Thus, the

importance of group leadership, intergroup linkages, group rivalry, and group

financial strategy on group survival can be investigated. For example, after 9/

11, terrorist groups have relied increasingly on kidnapping ransoms as a financing

tool (Brandt, George, and Sandler 2016). However, the downside of the reliance on

kidnappings is that it may expose terrorist groups to heightened risks as they must

maintain hideouts for hostages. EDTG also permits further analysis of the deter-

minants of the lethality of terrorist groups based on a longer time series, more

controls, and additional terrorist groups. As shown below, more religious funda-

mentalist groups, especially Islamic ones, have emerged than the other three

ideologies over the last decade. Moreover, these religious groups are shown later

to engage in more incidents with carnage.

Some Trends and Patterns Based on EDTG

We employ EDTG to indicate some insights that this group data can provide for

researchers and policy makers. Figure 1 depicts the annual number of newly formed

terrorist groups for 1970 to 2016, given in EDTG. There appears to be an increased

variability in their formation during the last decade with two prominent peaks. The

inclusion of the last nine years and the ability to expand terrorist group data into the
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future are essential to understand a fluid set of terrorist groups, whose ideological

composition and other characteristics are changing.

Figures 2 and 3 depict terrorist groups’ composition based on their four ideolo-

gies and the seven regional classifications, respectively, for the entire period (1970–

2016) and two subperiods (1970–2006 and 2007–2016). Comparing those subper-

iods, we see the marked rise of religious fundamentalist terrorist groups and the clear

decline of left-wing terrorist groups during the latest subperiod. Those composi-

tional changes agree with the notion of the third and fourth waves of terrorism

(Rapoport 2004). An often overlooked feature is that nationalist/separatist (hence-

forth, nationalist) terrorist groups continued to rival religious fundamentalist terror-

ist groups in percentage terms or “market share” during the so-called fourth wave.

That rivalry is displayed for the last ten sample years in Figure 2. As those two
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Figure 2. Group composition based on ideology.

Hou et al. 207



ideologies compete for dominance, a subsequent table shows that religious groups

conducted more lethal attacks. Although left-wing terrorist groups’ market share

declined greatly during the recent decade, these groups still had a presence.

Figure 3 presents three alternative time interval observations of terrorist groups,

based on seven regional locations: Eastern Asia and Pacific (EAP), Europe and

Central Asia (ECA), Latin America and Caribbean (LAC), Middle East and North

Africa (MENA), North America (NA), South Asia (SAS), and sub-Saharan Africa

(SSA). When the 1970 to 2006 regional locations are compared to those of 2007 to

2016, there are noticeable declines for terrorist groups located in EAP, ECA, LAC,

and NA, coupled with noteworthy increases for terrorist groups located in MENA,

SAS, and SSA. Since the start of 2007, the greatest percentage increase in terrorist

groups occurs for MENA. Thus, there is a regional relocation of terrorist groups

during the last decade that would be missed by RAND-based group data sets. This

relocation is likely driven by post–9/11 increases in security in ECA and NA and by

political instabilities and resulting rise in Islamic religious fundamentalist terrorism

in MENA, SAS, and SSA (Gaibulloev and Sandler 2019). Additionally, leftist

terrorist groups in LAC are in great decline.

Three tables allow us to characterize various aspects of terrorist groups with the

help of EDTG. Table 1 indicates the ideological distribution of terrorist groups in

terms of their base country’s (countries’) income levels and regime type before and

after 2002. Groups’ ideologies are listed in the left-most column, immediately

followed on the right by the average annual number of terrorist groups. In the third

column, the number of groups is given with their percentages in parentheses. The

average number of a particular type of group is computed by dividing thirty-two into

the number of that type of group that started during 1970 to 2001. A similar com-

putation is made for the annual average number of new terrorist groups of a given

ideology that began during 2002 to 2016. Nationalist groups had the most starts in

both periods, but they narrowly edged out the births of religious groups during 2002

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

1970-2016

2007-2016

1970-2006

EAP ECA LAC MENA NA SAS SSA

Figure 3. Group composition based on location.
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to 2016. In percentage terms, the births of nationalist and religious groups are near

one another in the post-2001 period. Next, we use the World Bank (2018) income

classes for terrorist groups’ base countries. For terrorist groups that started before

2002, left-wing groups were mainly located in middle- and high-income countries;

nationalist and religious groups were primarily located in low- and middle-income

countries; and right-wing groups were mostly located in middle- and high-income

countries. In terms of base country income level, nationalist groups were the most

widely distributed. Some noteworthy changes occurred in the post-2001 period. New

left-wing terrorist groups were more evenly split between middle- and high-income

countries, while emerging nationalist terrorist groups were more concentrated in

low- and middle-income countries. Religious groups remained concentrated in low-

and middle-income countries with their presence in middle-income countries

increasing noticeably after 2001.

In Table 1, we also parse out the ideological distribution of terrorist groups in

terms of base country’s regime type. For this exercise, we combine Freedom House

(2018) measures of civil liberties and political freedoms, each of which varies from 1

to 7, where smaller scores indicate greater liberties or freedom. As is standard, we

add these two indices together and have the following three classifications: free (2–

5), partly free (6–10), and not free (11–14). For terrorist groups started before 2002,

left-wing, nationalist, and right-wing groups were more concentrated in Partly Free

and Free countries, whereas religious groups were more centered in not free and

partly free countries. There are two noteworthy changes in those distributions after

2001. First, emerging nationalist terrorist groups became more concentrated in not

free and partly free countries relative to the earlier period. Second, emerging reli-

gious groups became more concentrated in not free countries compared to the earlier

period. This shift to more autocratic regimes by nationalist and religious terrorist

organizations is likely due to security and geopolitical considerations in the post–9/

11 era.

Table 2 indicates additional details of terrorist groups by listing for the two

periods the following: the number of groups that ended by 2016, the number of

incidents, the number of casualties, the number of incidents per group, and the

number of casualties per group. The four right-hand columns give a picture of the

terrorism campaigns waged by each ideology. For the groups that started before

2002, leftist, followed by nationalist, groups had the largest number of endings.

Right-wing and then left-wing groups displayed the greatest demise percentages.

During 2002 to 2016, all ideologies showed an enhanced resilience for newly formed

terrorist groups, which was particularly true for religious and nationalist organiza-

tions. At the terrorist campaign level, emerging leftist groups had the greatest influ-

ence on the number of incidents during 1970 to 2001. However, religious and

nationalist groups caused more casualties than leftists. This concurs with leftist

intent not to have large casualty tolls (Enders and Sandler 2012). Despite the rela-

tively small number of pre-2002 religious groups, they caused the largest number of

casualties, as reflected in their casualties per group. For groups starting during 2002
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to 2016, religious groups not only engaged in well over five times as many attacks,

but these attacks resulted in far more casualties when compared to each of the other

three ideologies. Those terrorist campaign characteristics justify the perceived dom-

inance of religious terrorists since 9/11. In EDTG, religious terrorist attacks resulted

in 14.3 and 56.5 times as many casualties as attacks by nationalist and left-wing

groups, respectively. Moreover, the casualties per religious group were 14.8 times as

great as those of nationalist groups.

Finally, Table 3 depicts further aspects of the terrorist campaigns of the four

ideologies during four time intervals. The 2002 to 2006 and 2007 to 2016 periods are

intended to capture the emergence of terrorist groups toward the end of the RAND

data period and thereafter. The last period’s observations are best characterized by

EDTG. During 2007 to 2016, religious groups were most prevalent of the four

ideologies in terms of emerging group numbers and attacks. The right-most column

of Table 3 indicates that religious groups relied much more on kidnappings than

other ideological-based groups in the three post-2001 periods. As such, kidnapping

ransoms financed a share of religious groups’ operations (Brandt, George, and

Sandler 2016). Table 3 displays the breakdown of attacks into domestic and transna-

tional incidents. For any ideology or period, the share of transnational attacks was a

rather small percentage that fell after 2001. This highlights why terrorist group data

sets must include domestic terrorist attacks. Surprisingly, nationalist and left-wing

groups provided the most social services before 2002, but religious groups had the

highest percentage of social service–providing groups. Even though emerging reli-

gious groups gave the most social services during 2002 to 2016, most terrorist

Table 2. Distribution of Terrorist Incidents by Group Ideology: Before and After 2002.

Ideology

Number
of

Groups

Number of
Groups Ended

by 2016

Number
of

Incidents

Number
of

Casualties

Number
of Incidents
Per Group

Number
of Casualties
Per Group

Groups started before 2002
Left wing 139 115 14,580 44,054 104.9 316.9
Nationalist 168 88 10,775 47,585 64.1 283.2
Religious 73 28 7,992 81,395 109.5 1,115.0
Right wing 24 22 287 3,460 12.0 144.2
Total 404 253 33,634 176,494 83.3 436.9

Groups started during 2002 to 2016
Left wing 53 19 1,255 2,292 23.7 43.2
Nationalist 135 29 1,832 9,084 13.6 67.3
Religious 130 25 10,736 129,470 82.6 995.9
Right wing 11 3 25 125 2.3 11.4
Total 329 76 13,848 140,971 42.1 428.5

Note: Terrorist group data come from Global Terrorism Database (GTD 2018). Data on terrorist (both
transnational and domestic) incidents also come from GTD (2018).
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groups did not provide such services, which was especially true during 2007 to 2016

for new groups. Table 3 also highlights that a very small percentage of terrorist

groups held territory during any of the displayed periods.

Survival Analysis Based on EDTG

Methodology and Data

We follow Gaibulloev and Sandler (2013) and apply the discrete-time hazard

approach, where the probability, Pit, of terrorist group i, ending in a given interval

ðlt; ltþ1Þ; t ¼ 1; 2; :::; conditional on the group surviving until lt, is as follows:

Pit ¼ Fðxit�þ yðtÞÞ: ð1Þ

In equation (1), Fð�Þ denotes a cumulative distribution function, xit is a vector of

explanatory variables for group i at time t, � represents a vector of corresponding

coefficients, and yðtÞ indicates an unknown function of duration. We specify the

duration function as quadratic, yðtÞ ¼ y0lt þ y1l2
t , assume a logistic distribution for

Fð�Þ, and estimate equation (1) with a logit regression. With the discrete-time

method, one can account for unobserved heterogeneity—using panel regression—

and conveniently estimate flexible hazard functions (Blomberg, Gaibulloev, and

Sandler 2011). As a robustness check, we implement the random-effects logit

regression, which accounts for unobserved heterogeneity, and a piecewise constant

specification of time duration, which is an alternative hazard function. The piece-

wise constant specification uses a set of dummy variables for separate time intervals,

assuming constant hazard rate within each time interval.

Our dependent variable equals one if a group ends in a given year and equals zero

otherwise. Group-specific explanatory variables are the logarithm of a group size at

its peak, four dummy variables—left wing, nationalist, right wing, and religious

fundamentalist (base category)—for group ideology, the share of transnational ter-

rorist attacks (trans. terr. share) in total attacks in a given year, and the number of

casualties (deaths and injuries) per attack (casual. per attack) in a given year. Other

group-specific controls include attack diversity in a given year, the number of bases

(i.e., base countries) of operation, a dummy variable that equals one if the group’s

leader is arrested or dies in a given year (leader’s fate), a dummy variable that equals

one if a terrorist group engages in kidnappings in a given year, the number of states

sponsoring (num. sponsors) a particular terrorist group in a given year, the number of

a terrorist group’s allies (num. allies) in a given year, and the number of terrorist

group’s enemies (num. enemies) in a given year.

Group peak size and the number of base countries are proxies for the group’s

capabilities and resources, which are anticipated to increase the group’s longevity.

Furthermore, leader’s fate, the number of state sponsors, the number of allies, and

the number of enemies also affect the group’s strength and resources. For example,

allies may cooperate on planning and staging attacks, benefit from knowledge
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spillover, and share resources and training facilities (e.g., Gaibulloev, Sandler, and

Sul 2013; Horowitz 2010) to enhance productivity and to take advantage of econo-

mies of scale and economies of scope. Survival prospect is found to vary across

groups with different ideologies (e.g., Blomberg, Gaibulloev, and Sandler 2011). A

greater share of transnational attacks may limit the group’s likelihood of survival

because transnational attacks provoke retaliation by targeted countries. Moreover,

traveling to and operating on a foreign soil are riskier with large costs tied to cross-

border movement of terrorist resources. The impact of the number of casualties is

uncertain. Larger casualties may generate a more aggressive government response,

which weakens the likelihood of survival. In contrast, more casualties may attract

more followers, which enhance the probability of survival. Attack diversification

may bolster survival prospects by reducing the dependence on a specific type of

attack, making a group less predictable and complicating a government’s counter-

terrorism efforts (Gaibulloev and Sandler 2013). The articles cited in this paragraph

provide a further theoretical justification that space does not permit us to elaborate in

this data set article.

The main data sources for base countries, leader’s fate, kidnappings, state spon-

sorship, and groups’ allies and enemies are Asal and Rethemeyer (2015), Crenshaw

(2018) and Jones and Libicki (2008), San-Akca (2009, 2015, 2016), SATP (2018),

and START (2018). The other group-specific variables are explained earlier in this

article. See the codebook for more details.

Following the literature, we include a number of variables to control for charac-

teristics of a terrorist group’s base country of operation. If a terrorist group has more

than one base country, then we average the variables across these base countries.

Using WDI data set (World Bank 2018), we construct the logarithm of real per capita

gross domestic product (GDP) (GDP/POP) in constant 2010 US dollars, the loga-

rithm of population (POP), the share of international trade in GDP (Openness), and

the share of government spending in GDP (gov. spending). Larger population aug-

ments terrorists’ chances of locating new recruits, finding protection, and hiding in

densely populated areas. High-income base countries may offer skilled recruits for

terrorists, but the opportunity costs of engaging in terrorism increases with income.

Moreover, higher per capita income allows the government to placate material

discontent—for example, through welfare spending—and spend more on counter-

terrorism. Trade openness can strengthen terrorist groups’ survival prospects by

easing the movement of terrorists and assets across borders. However, trade open-

ness may also diminish groups’ survival by promoting development. Government

spending is used as a proxy for counterterrorism, which is difficult to measure owing

to a lack of data.

The studies on terrorist groups’ failure identify a base country’s regime type, its

ethnic fractionalization, and its geographical features and location as potential deter-

minants of groups’ longevity (see, e.g., Blomberg, Gaibulloev, and Sandler 2011;

Gaibulloev and Sandler 2013 for details). The Polity index ranges between �10

(strongly autocratic) and þ10 (strongly democratic) and is obtained from the Polity
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IV data set (Marshall, Jaggers, and Gurr 2017). We enter the quadratic term of the

polity variable (Polity squared) to test for a possible nonlinear relationship. An index

of ethnic fractionalization (ethnic frac.) and its squared value (ethnic frac. sqrd.) are

constructed using data from Alesina et al. (2003). Seven regional dummy variables

are included to control for geographic location of base countries. To account for base

countries’ geographical features, we enter the logarithm of a country’s average

elevation (elevation), the percentage share of land territory in the tropics (Tropics),

and a dummy variable equal to one if a base country is landlocked (Landlocked)

(Central Intelligence Agency 2018; Gallup, Mellinger, and Sachs 1999; Gallup,

Sachs, and Mellinger 1999). Higher elevation and tropics may bolster terrorist

groups’ survival by giving them more hiding places.

Results

Table 4 presents the main results for 1970 to 2016. Models 1 to 3 are estimated using

the (pooled) logit estimator. Model 1 includes 684 groups. As we enter more vari-

ables, the number of groups drops to 399 as displayed because of missing observa-

tions in the fully specified model 3. Consistent with Gaibulloev and Sandler (2013),

larger peak membership size and attack diversification reduce a terrorist group’s

probability of failing. An increase in the share of transnational attacks enhances the

group’s chances of demise. This variable did not exist for the full sample period in

the earlier studies because RAND data did not distinguish between domestic and

transnational incidents until after 1997. Religious fundamentalist terrorist groups

have better survival prospects than left-wing, nationalist, or right-wing organiza-

tions. However, contrary to Gaibulloev and Sandler (2013), casualties per attack and

the number of bases are not statistically significant. These results are robust across

models. The only exceptions are the left-wing and nationalist ideology variables,

which are not statistically significant in the full specification.

Overall, base country factors do not display a statistically robust association to

groups’ survival. Ethnic diversity is an exception, which has a negative impact on

terrorist groups’ likelihood of failing, while the diversity squared term has a

positive effect. This suggests an inverted U-shaped relationship for which a mod-

erate diversity is more conducive to group failure. We also implement the random-

effects logit regression to account for unobserved heterogeneity (models 4–6) and

obtain qualitatively similar results. Trade openness, which is positive, now

becomes marginally significant.

We perform several robustness checks, which are reported in Tables A2 and A3

of the Online Appendix. We reestimate Table 4 with a piecewise constant time

specification by entering time interval dummies for the 1970s, 1980s, 1990s,

2000s, and 2010 to 2016. In so doing, the previous results hold. We also estimate

models 1 to 3 by holding sample size constant. The left-wing and nationalist ideol-

ogy variables are never statistically significant indicating that these variables lose

statistical significance in Table 4 because of sample size (groups) reduction rather
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Table 4. Logit Regressions of Terrorist Group Failure, 1970 to 2016.

Pooled Logit Random Effects Logit

Variables Model 1 Model 2 Model 3 Model 1 Model 2 Model 3

Log(size) �0.305*** �0.442***
(0.055) (0.114)

Left wing 0.685*** 0.683** 0.369 0.685*** 0.684*** 0.479
(0.253) (0.277) (0.336) (0.227) (0.255) (0.385)

Nationalist 0.372* 0.397* 0.413 0.372* 0.404* 0.568
(0.210) (0.233) (0.278) (0.213) (0.237) (0.370)

Right wing 1.138*** 1.164*** 1.023** 1.138*** 1.171*** 1.226***
(0.327) (0.349) (0.400) (0.294) (0.322) (0.471)

Trans. terr. share 1.641*** 1.695*** 1.701*** 1.641*** 1.699*** 1.650***
(0.155) (0.169) (0.184) (0.170) (0.184) (0.249)

Casual. per attack 0.001 0.001 0.001 0.001
(0.001) (0.001) (0.001) (0.001)

Attack diversity �1.676*** �1.566*** �1.129** �1.676*** �1.571*** �1.156**
(0.405) (0.420) (0.475) (0.421) (0.439) (0.548)

Number of bases 0.072 0.040 �0.045 0.072 0.039 �0.074
(0.059) (0.063) (0.082) (0.070) (0.073) (0.107)

Log(GDP/POP) 0.128 �0.074 0.132 �0.058
(0.120) (0.157) (0.124) (0.198)

Log(POP) �0.030 �0.018 �0.045 �0.030 �0.017 �0.087
(0.079) (0.082) (0.110) (0.078) (0.081) (0.138)

Openness 0.567 0.695*
(0.382) (0.420)

Gov. spending �0.428 0.166
(1.211) (1.905)

Polity �0.071 �0.059 �0.143* �0.071 �0.059 �0.161*
(0.056) (0.063) (0.079) (0.058) (0.064) (0.095)

Polity squared 0.003 0.002 0.005 0.003 0.002 0.007
(0.003) (0.003) (0.003) (0.003) (0.003) (0.004)

Ethnic frac. �2.801* �2.918* �3.407* �2.802* �2.992* �4.769*
(1.547) (1.675) (1.910) (1.663) (1.714) (2.563)

Ethnic frac. sqrd 3.575** 3.598* 3.271 3.576* 3.693* 5.299*
(1.764) (1.869) (2.226) (1.900) (1.934) (3.005)

Eastern Asia and Pacific �0.316 �0.362 0.035 �0.316 �0.371 0.219
(0.355) (0.384) (0.442) (0.347) (0.348) (0.597)

Europe and Central Asia 0.341 0.275 0.530* 0.341 0.284 0.854*
(0.239) (0.247) (0.294) (0.255) (0.266) (0.483)

Latin America and Caribbean 0.630* 0.508 0.755 0.630** 0.517 1.155*
(0.324) (0.355) (0.463) (0.299) (0.330) (0.606)

North America 0.259 0.136 0.618 0.259 0.142 0.954
(0.315) (0.338) (0.410) (0.371) (0.370) (0.648)

South Asia �0.611* �0.496 �0.047 �0.611 �0.502 0.105
(0.357) (0.476) (0.616) (0.387) (0.467) (0.754)

Sub-Saharan Africa �0.641 �0.661 0.387 �0.641 �0.678 0.451
(0.492) (0.548) (0.680) (0.476) (0.504) (0.802)

Log(elevation) 0.146 0.182 0.228 0.146 0.187 0.289

(continued)
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than inclusion of additional regressors. The other results are not sensitive to different

model specifications with constant sample size. Finally, we examine a subsample of

demised groups by excluding groups that remain active at the end of the sample

period. That exercise gives three findings that differ from Table 4. First, nationalist

and right-wing ideology variables have negative signs and are generally not signif-

icant. Left-wing ideology variable, however, is negative and statistically significant,

which indicates that left-wing organizations were more resilient among demised

groups. This might be because our sample of demised groups is dominated by major

leftist groups that lasted relatively long; most religious fundamentalist groups started

relatively recently and are still active. Second, consistent with Gaibulloev and

Sandler (2013), casualties per attack and the number of bases are statistically sig-

nificant with anticipated positive and negative signs, respectively. Third, trade open-

ness is statistically significant and positive; an increase in a base country’s trade

openness augments the resident group’s probability of ending after controlling for

per capita GDP, population, and other factors. The remaining results are consistent

with Table 4.

Next, we divide our sample between terrorist groups that have been operating

during 1970 to 2001 and those that have been active during 2002 to 2016. The latter

period’s analysis is made possible by EDTG-extended temporal coverage. Table A4

in the Online Appendix reports several interesting insights. The effects of group size

and base country’s trade openness are negative and positive, respectively, before

2001, but they are not statistically significant after 2001. Ethnic fractionalization is

also significant before, but not after, 2001. Additionally, ideology variables are

generally not statistically significant before 2001. This suggests that religious fun-

damentalists do not differ from leftists, nationalists, or right-wing groups in terms of

Table 4. (continued)

Pooled Logit Random Effects Logit

Variables Model 1 Model 2 Model 3 Model 1 Model 2 Model 3

(0.131) (0.149) (0.193) (0.133) (0.154) (0.239)
Tropics �0.174 0.075 0.144 �0.174 0.083 0.235

(0.312) (0.374) (0.474) (0.272) (0.346) (0.594)
Landlocked 0.152 0.311 0.107 0.153 0.318 0.138

(0.268) (0.293) (0.405) (0.302) (0.318) (0.578)
Duration variables Yes Yes Yes Yes Yes Yes
Number of groups 684 638 399 684 638 399
Number of observations 8,637 8,114 5,226 8,637 8,114 5,226

Note: Robust standard errors are in parentheses. Constant and duration variables are suppressed. The
duration dependence pattern is specified as quadratic.
*Significance level is <.10.
**Significance level is <.05.
***Significance level is <.01.
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survival prospects before 2001. However, religious fundamentalist groups are more

resilient than groups with other ideologies in the later subperiod. The other results

largely do not differ across subperiods.

Finally, we examine the impact of terrorist group’s leader’s death or capture,

engagement in kidnappings, state sponsorship, and allies and enemies, see Table 5.

The number of observations and the number of terrorist groups drop significantly for

models 3 to 6 due to missing observations. Therefore, we choose a parsimonious

specification by removing some variables that were not statistically significant.

Overall, the findings in Table 4 hold, although the estimates are sometimes not

robust due to a smaller sample size. With regard to new variables, a group’s odds

of failure rise with the death or arrest of its top leader. This is in contrast with Cronin

(2006, 2009) and Jordan (2009) who indicate that a leader’s fate was not so impor-

tant for the group’s survival. A terrorist group’s likelihood of ending also increases

with the greater number of sponsoring states but decreases with the larger number of

the group’s allies. The impact of kidnappings is negative as anticipated in model 2

but not robust. The effect of state sponsorship is somewhat consistent with Carter

(2012), who shows that, despite a boost in resources, a group that is provided safe

haven may be in greater peril of being forcefully eliminated. Our state sponsorship

variable is not conditioned on safe haven. In Carter (2012), the host country may

choose to avoid military confrontation by providing information to a state that is a

target of the terrorist group.

Terrorist Group Productivity and Lethality

Methodology and Data

We implement the negative binomial regression on cross-sectional data of terrorist

groups using two alternative dependent variables—group lethality and group pro-

ductivity. Similar to Asal and Rethemeyer (2008), our measure of group lethality is a

count of total (nonterrorist) deaths from attacks by a terrorist group during our

sample period (1970–2016). Following Asal and Rethemeyer (2008), we include

group size, ideology, age, and base country characteristics. We designate right wing

as a base ideological category by leaving it out. For organizational age, we use the

number of years that the group was active during our sample period (Duration) and

its squared term. We do not include group’s alliance, state sponsorship, and territor-

ial control because our cross-sectional sample size reduces dramatically owing to

missing observations. However, we control for the logarithm of the (average) num-

ber of other groups operating in the same base country (other groups). We also enter

the logarithm of the number of terrorist attacks (attacks), which is not in Asal and

Rethemeyer’s (2008) regression because the risk of fatalities is expected to increase

with the frequency of attacks. The base country’s characteristics include the loga-

rithm of real per capita GDP (GDP/POP) in constant 2010 US dollars, the logarithm

of population (POP), the Polity index, and regional dummy variables, using their
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initial values. For example, if a group becomes active in 1980, the values of base

country variables for 1980 are used. In the case of missing observations, the earliest

available information is employed.

Table 5. Logit Regressions of Terrorist Group Failure, 1970 to 2016.

Variables Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Log(size) �0.114 �0.309*** 0.129 �0.008 0.194 0.036
(0.079) (0.051) (0.213) (0.211) (0.256) (0.216)

Left wing 1.378*** 0.761*** 2.590* �0.214 2.414 �0.582
(0.347) (0.232) (1.524) (0.756) (1.534) (0.855)

Nationalist 0.295 0.441* 0.181 �0.663 0.226 �1.232
(0.363) (0.227) (1.275) (0.973) (1.394) (1.129)

Right wing 1.623*** 1.315*** 0.858 �0.063
(0.619) (0.341) (2.122) (1.966)

Trans. terr. share 0.645* 1.731*** 0.223 2.125** 0.302 2.291**
(0.368) (0.180) (0.939) (1.002) (0.896) (1.012)

Casual. per attack �0.000 0.001 �0.003 0.007* �0.005 0.007*
(0.001) (0.001) (0.005) (0.004) (0.007) (0.004)

Attack diversity �1.293** �0.772* �2.541** �1.292 �4.356** �1.487
(0.550) (0.454) (1.169) (1.580) (1.896) (2.280)

Number of bases 0.027 �0.047 �0.455 �0.045 �0.291 �0.108
(0.083) (0.084) (0.397) (0.477) (0.365) (0.418)

Log(GDP/POP) 0.140 0.010 0.088 0.166 �0.060 0.249
(0.141) (0.078) (0.326) (0.809) (0.302) (0.783)

Log(POP) �0.021 �0.126** 0.060 0.026 �0.121 0.139
(0.095) (0.053) (0.243) (0.484) (0.251) (0.394)

Polity �0.006 0.004 �0.143** 0.026 �0.101 0.033
(0.025) (0.016) (0.068) (0.140) (0.076) (0.139)

Ethnic frac. �0.656 �1.693 1.963 9.028 6.403 7.762
(2.059) (1.210) (12.596) (12.962) (13.790) (11.329)

Ethnic frac. sqrd 0.815 2.302* �3.110 �13.623 �5.556 �11.115
(2.239) (1.348) (12.105) (12.220) (13.009) (9.872)

Leader’s fate 1.925*** 3.009** 1.953*
(0.295) (1.208) (1.021)

Kidnapping �0.671** 0.218 �0.292
(0.310) (1.109) (1.587)

Num. sponsors 0.391*** 0.337**
(0.126) (0.136)

Num. allies �1.930** �2.024***
(0.847) (0.772)

Num. enemies 0.834 0.913
(0.637) (0.618)

Duration variables Yes Yes Yes Yes Yes Yes
Number of groups 234 434 74 82 67 75
Number of observations 4,066 5,990 1,179 902 1,003 814

Note: Robust standard errors are in parentheses. Constant and duration variables are suppressed. The
duration dependence pattern is specified as quadratic.
*Significance level is <.10.
**Significance level is <.05.
***Significance level is <.01.
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Table 6. Negative Binomial Regressions of Terrorist Group Productivity and Lethality, 1970
to 2016.

Variables Fatalities Fatalities Attacks Attacks

Log(size) 0.168*** 0.142*** 0.502*** 0.536***
(0.055) (0.052) (0.059) (0.054)

Left wing �1.238*** �1.113*** 1.337*** 1.006***
(0.390) (0.353) (0.277) (0.313)

Nationalist �0.171 �0.042 0.463 0.549*
(0.390) (0.351) (0.287) (0.315)

Religious 0.754 0.985** 1.400*** 1.486***
(0.467) (0.460) (0.319) (0.365)

Log(other groups) 0.031 �0.005 �0.065 �0.081
(0.110) (0.117) (0.127) (0.126)

Log(attacks) 1.146*** 1.158***
(0.066) (0.059)

Log(GDP/POP) �0.187** �0.139 0.235*** 0.265**
(0.086) (0.109) (0.079) (0.125)

Log(POP) 0.021 0.168** �0.022 0.002
(0.064) (0.076) (0.070) (0.084)

Polity �0.053*** 0.158** 0.015 �0.041
(0.019) (0.069) (0.019) (0.070)

Polity squared �0.010*** 0.003
(0.003) (0.003)

Eastern Asia & Pacific �0.991*** �0.307
(0.268) (0.453)

Europe & Central Asia 0.029 �0.280
(0.311) (0.306)

Latin America & Caribbean 0.234 0.640*
(0.354) (0.352)

North America �0.646 �0.048
(0.496) (0.434)

South Asia �0.223 0.021
(0.353) (0.468)

Sub-Saharan Africa 0.168 �0.600
(0.420) (0.373)

Duration 0.039 0.028 0.155*** 0.153***
(0.024) (0.022) (0.028) (0.024)

Duration squared �0.000 �0.000 �0.002*** �0.002***
(0.001) (0.000) (0.001) (0.001)

Constant 0.459 �3.142* �3.068** �3.693*
(1.512) (1.647) (1.441) (1.916)

Number of observations (groups) 449 449 449 449

Note: Robust standard errors are in parentheses. Fatalities represent nonterrorist deaths from terrorist
attacks by a group, while attacks show the total number of terrorist attacks by a given group over the
sample period.
*Significance level is <.10.
**Significance level is <.05.
***Significance level is <.01.

220 Journal of Conflict Resolution 64(1)



Our measure of group productivity is a count of total attacks by a terrorist group

during the sample period. Asal and Rethemeyer (2008) did not examine the pro-

ductivity of terrorist organizations. Most of the variables from group lethality

regressions are included in the productivity runs, except for the terrorist attacks

variable, which is now the regressor. Group characteristics—size, ideology, and

duration—and base country’s political system, population size, and relative wealth

are important for a group’s ability to stage terrorist attacks. The number of com-

peting terrorist groups in a base country affects a government’s counterterrorism

efforts and a group’s success, depending on the extent of cooperation and rivalry

among groups. The sign of the coefficients may differ between the lethality and

productivity regressions.

Results

Table 6 presents the results. Consistent with Asal and Rethemeyer (2008), larger

groups are deadlier. Further, religious terrorist groups are more lethal, whereas left-

wing groups are less fatal than right-wing organizations. The negative effect of left-

wing group is not statistically significant in Asal and Rethemeyer (2008). As

expected, the average impact of the frequency of terrorist attacks on fatality is

positive. The effect of population is positive, while the impact of democracy appears

to be nonlinear.

Comparison of group productivity and fatality regressions reveal several interesting

findings. Larger groups and religious terrorist organizations conduct more attacks and

are correspondingly more lethal. Left-wing groups also produce more attacks but are

less deadly than right-wing organizations. Similarly, groups based in countries with

higher per capita income produce more attacks; however, these groups are less lethal.

Duration is not a statistically significant determinant of lethality, consistent with Asal

and Rethemeyer (2008), but it is a statistically significant determinant of the number

of attacks—duration is positive and its squared term is negative.

Concluding Remarks

The figures and tables in this article offer a small glimpse of how EDTG and its

further extension over time can enlighten us about terrorist groups and their char-

acteristics, distribution, strengths, and vulnerabilities. As an important stakeholder

in terrorism, terrorist groups must be understood in terms of their operations, orien-

tation, and survival prospects. Effective counterterrorism hinges on governments’

ability either to defeat terrorist groups or to induce them to adopt legitimate non-

violent actions (e.g., joining the political process or ending attacks). To understand

the fate of past terrorist groups under a variety of circumstances, we need richer and

more up-to-date data on terrorist groups as provided by EDTG.

Terrorist groups are in a constant state of flux in terms of their geographical

distribution, predominant ideologies, driving goals, organizational structure,
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intergroup ties, and strategic tactics. Often policy makers and commentators observe

the recent actions of a few terrorist groups and generalize from such actions to all

terrorist groups. For instance, the observation that some prominent terrorist groups

supply social services or hold territory may make people think that those actions are

commonplace for terrorist groups, but Table 3 shows that a relatively small percent-

age of groups do either. Panel data on terrorist groups in terms of those two actions

permit researchers to ascertain the survival implication of such tactics in future

analyses. If they are deemed to be efficacious for terrorist groups’ longevity and

effectiveness, then countermeasures to offset the supplying of social services or the

holding of territory must be devised. Such reality checks are required for other

characteristics or innovations of terrorist groups. Terrorist groups’ innovations are

of a particular concern and can only be studied with a group data set that captures

recent developments. As terrorist groups evolve their tactics and locations, different

factors are anticipated to affect groups’ survival prospects. Thus, updated survival

analyses must investigate changing cohorts of terrorist groups, alternative sets of

variables, and a varying set of time intervals.

Our second application shows that the effects of the determinants for terrorist

group’s lethality and productivity differ. The EDTG data allow more precise future

analyses of lethality and productivity with a panel approach and additional controls.

EDTG can also be used to reexamine Bapat’s (2011) analysis of moral hazard

associated with military aid given to countries hosting terrorist groups. Bapat shows

that the longevity of terrorist groups in recipient countries actually increases because

to annihilate the group would mean the loss of the aid. EDTG when combined with

more military aid data from additional countries would allow one to see whether aid

still poses a moral hazard problem and whether this problem characterizes countries

other than the United States.
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