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A Study of Educational Choices at the High School Level for

Poor Families: A Behavioral Economics Perspective

LI Fanghua® and XIAO Han"

(‘a: The University of New South Wales; b: School of Applied Economics Renmin University of China)
Summary: High school education is an important part of China$ national educational system and plays a key role in talents
cultivation. Chinas high school education mainly includes two options namely regular high school and vocational high
school. How to guide adolescents with different abilities and preferences to choose the proper type of high school is crucial
for economic development and human capital accumulation. China has been adopting the score-based high school admission
mechanism supplemented by personal choice and though families have a certain degree of choice the score of the
secondary school entrance examination is the main basis for deciding what kind of high school children will finally go.
Currently the diversion policy of regular and vocational high school has aggravated the educational anxiety of families and
led to overinvestment in compulsory education. Meanwhile demand for vocational labors continues to rise during China’s
economic transformation. Therefore it is important for the government to further promote the education reform by clarifying
the micro mechanism of school choice at the high school level for families.

In order to verify whether there are “behavioral” differences between poor and non-poor families and to fill the research
gap at the high school education in China this paper utilizes the education price variation due to the free tuition and student
subsidies policy for vocational high school students before 2016 and the natural experiment of educational policy of pairing—
off assistance in targeted poverty alleviation started in 2016 as exogenous shocks; and it uses the RD-DID method to identify
the heterogeneous effect of education investment between poor and non-poor students. This paper adopts the individual score
data and high school choice data of all secondary school students in a county in China combined with the information of
identified poor households. Furthermore we examine whether high school choice is influenced by family poverty for
students in the entire score distribution using the difference-in-differences method. We also use gender information to test
whether there is gender heterogeneity in educational decisions of poor families and discuss the effect of educational
perceptions on high school choice using data from targeted poverty alleviation.

This paper has two main findings. Firstly faced with an equal negative shock to the probability of “being enrolled by
universities”  students from poor families are more likely to choose vocational high schools; and this difference in
probability decreases significantly when tuition is waived for poor families” regular high schools ( i. e. the net benefit of
regular high schools increases). Secondly after eliminating four possible explanations namely discount factor
differences rising income levels sudden changes in educational perceptions and insufficient information this paper
provides sufficient evidence that the difference in high school choice between poor and non—poor families is due to the higher
risk aversion of poor families.

The findings of this paper have two policy implications. Firstly holding all other parameters constant the education
price is a powerful policy tool in order to manage educational decisions of low-income households and this paper
demonstrates that the risk aversion has a significant effect on low-income households by driving them to prefer risk4ree
vocational high schools. Secondly in order to increase the proportion of vocational high school choices to fill the gap of
national skill-based talents Chinese government can increase the rate of return of vocational education by offering more
choices of vocational high schools expanding the space for further education and career paths. It can also regulate the
probability of high school students being admitted into universities by increasing the risk of further education of students in
regular high schools to increase the attractiveness of vocational education as a risk4ree option.

Keywords: Poverty; Educational Choices; Vocational High School
JEL Classification: D01 J24 012
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